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Abstract GAT/GPT (Global Affine Transform/Global Projection Transform) correlation methods for image
matching that is one of the most important methods in the field of image processing can perform a precise im-
age matching. When GAT/GPT correlation methods are applied to whole-to-part matching, it can be realized by
sliding windows with various sizes but it needs much calculation time. In this paper we propose a fast initial search
method using the sliding Discrete Fourier Transformation for the region-based image matching. Furthermore, by
experiments we compare and evaluate the proposed method against the combination of ASIFT and RANSAC.
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